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Dharma Field Extractor: Structured JSON Output from Any Document

Dharma Field Extractor is a 2-billion-parameter model that extracts structured fields from documents into JSON, outperforming general-purpose LLMs in quality and cost.

Key points


	Extracts structured fields from documents into typed JSON

	Outperforms general-purpose LLMs on field extraction tasks

	Supports both open-ended and schema-directed extraction

	Trained on multi-domain data including Brazilian and multilingual documents

	Runs on a single consumer GPU at lower cost than frontier APIs



Why it matters

Software engineers dealing with document processing can benefit from structured field extraction, reducing manual data mapping and improving integration with downstream systems.

Counterpoint

The model requires training data with field-level annotations, which may not be available for all document types.

Sources


	Dharma Field Extractor: Any Document In, Structured Fields in JSON Out (Hugging Face)
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EPISTEME: Trustworthy Coding Agents Through Tool Call Intent

EPISTEME is a new framework that requires coding agents to explain their tool calls, enabling better auditing and preventing cheating in automated software development.

Key points


	EPISTEME forces coding agents to declare the intent behind each tool call.

	The framework records actual outcomes and compares them to the declared intent.

	It was tested on ImpossibleBench, where agents had to cheat to succeed.

	90% of cheating attempts were exposed by the journaling system.

	The system supports both pre-call validation and post-hoc auditing.



Why it matters

Software engineers using AI tools for code generation and automation need ways to ensure their tools are not being misused or cheated. EPISTEME provides a mechanism to verify the integrity of AI-driven code changes, which is critical for maintaining trust in automated systems.

Counterpoint

The approach relies on the model's ability to accurately report its intentions, which may not always align with actual behavior, especially in complex or ambiguous scenarios.

Sources


	EPISTEME: Trustworthy Coding Agents Through Tool Call Intent (arXiv)
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Trace2Eval: Contextualized Evaluation of Coding Agents from Real-World Traces

Trace2Eval is a new framework that evaluates coding agents by reconstructing real-world user interactions, allowing for more realistic and dynamic benchmarking of AI models.

Key points


	Trace2Eval constructs benchmarks from real-world interaction trajectories.

	It uses a multi-agent system to recover user queries and rebuild execution environments.

	The framework iteratively refines human rubrics and calibrates judge agents against human assessments.

	Models using Trace2Eval improved their scores by up to 19.28 percentage points.

	The system supports rubric feedback as actionable guidance for artifact improvement.



Why it matters

Software engineers using AI tools for code generation and review need more realistic benchmarks to assess model performance in real-world scenarios. Trace2Eval offers a new way to evaluate coding agents based on actual user workflows, which can lead to better tooling and more effective model training.

Counterpoint

The approach requires access to real-world interaction data, which may be limited or sensitive, and the reconstruction process could introduce inaccuracies that affect evaluation reliability.

Sources


	Trace2Eval: Contextualized Evaluation of Coding Agents from Real-World Traces (arXiv)
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LIBRA: Programmatic Induction of Executable Tool Libraries

LIBRA is a new framework that transforms flat tool catalogs into executable libraries by dynamically composing and testing tool interactions, improving retrieval performance across multiple benchmarks.

Key points


	LIBRA dynamically constructs executable tool libraries from flat catalogs without dependency annotations or task-specific training.

	It uses LLMs to propose tool contracts and tests compositions in a sandbox to retain valid runtime relations.

	LIBRA improves one-shot Recall and NDCG by 7.9 and 3.7 percentage points on AppWorld, BFCL, and SciToolEval.

	It supports both one-shot and agentic retrieval, with gains of 4.5 and 2.9 points after ten retrieval iterations on ToolReAGt.

	The framework requires no user input during library construction, making it efficient for pre-query setup.



Why it matters

As AI agents increasingly rely on tool catalogs, LIBRA offers a more effective way to organize and retrieve tools, reducing the need for manual annotation and improving task performance in complex scenarios.

Counterpoint

LIBRA's effectiveness depends on the quality of the initial tool catalog and the LLM's ability to accurately propose valid tool compositions.

Sources


	LIBRA: Programmatic Induction of Executable Tool Libraries (arXiv)
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datasette-agent 0.5a0 Release Adds Panel Feature

Datasette Agent 0.5a0 introduces a 'panel' feature that allows AI to chat alongside Datasette pages, enabling the creation and modification of database-backed apps through natural language prompts.

Key points


	The panel feature lets the AI chat open and sit next to Datasette pages like tables or query results.

	Combined with datasette-apps, it allows prompting a database-backed app into existence and modifying it via chat.

	Users can try the new release by signing in with their GitHub account on agent.datasette.io.



Why it matters

This release could change how developers interact with database-backed apps, enabling more intuitive and iterative development through natural language.

Try this

Try using the panel feature with a simple Datasette app to see how natural language prompts can modify or create functionality.

Counterpoint

The feature relies on Datasette and datasette-apps, which may limit its adoption unless it integrates more broadly with other tools.

Sources


	datasette-agent 0.5a0 (Simon Willison)
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A thousand fewer paths to root

OpenAI developed an autonomous system that identified and fixed 948 local privilege-escalation vulnerabilities in the Linux kernel.

Key points


	OpenAI created an autonomous pipeline for vulnerability discovery and patch generation.

	The system found 948 local privilege-escalation vulnerabilities in the Linux kernel.

	The pipeline includes validation and automated patch generation for the identified issues.

	The work was done without human intervention, showcasing AI's potential in security research.



Why it matters

This demonstrates how AI can be used to find and fix security vulnerabilities at scale, which is critical for maintaining secure systems. It also highlights the potential for AI to reduce the time and effort required for security audits and patch management.

Counterpoint

The results are based on a specific set of vulnerabilities in the Linux kernel and may not generalize to other systems or types of vulnerabilities.

Sources


	A thousand fewer paths to root (OpenAI)
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Rethinking Access Control for AI Agents: Recent Advances and Open Challenges

This paper explores new approaches to access control for AI agents, focusing on how to manage permissions as agents make autonomous decisions. It highlights key areas of progress and remaining challenges in securing agent behavior.

Key points


	Access control for AI agents is complex due to their autonomous decision-making and changing permissions.

	The paper reviews advances in policy specification, identity management, action enforcement, and information flow control.

	It argues that authorization must adapt to evolving workflows and retain meaning across system interfaces.

	Evaluation of access control should consider both observed behavior and potential unauthorized effects.

	The paper identifies open challenges and proposes research questions for future work.



Why it matters

As AI agents become more autonomous, ensuring they act within authorized boundaries is critical for security and trust. This work provides a framework for understanding and improving access control mechanisms in real-world systems.

Counterpoint

The paper focuses on theoretical and research-oriented insights, which may not immediately translate into practical tools for developers working with AI agents.

Sources


	Rethinking Access Control for AI Agents: Recent Advances and Open Challenges (arXiv)



This summary was written by a language model and may contain errors. Read the original for the full story.


Read this on the web


letsmake.ai news, 4 November 2026


HELIX: Heterogeneous LLM Inference with Flexible and Fine-Grained Partitioning

HELIX is a new framework that dynamically partitions LLM inference workloads across different accelerators, improving performance by adapting to hardware and model architecture.

Key points


	HELIX allows fine-grained partitioning of LLM inference at the operator level, rather than fixed partitions like attention/FFN.

	It uses dynamic programming and piecewise compilation to optimize execution latency across heterogeneous hardware.

	HELIX automatically determines hardware-specific operator placements during engine initialization.

	It enables accelerators with partial operator coverage to participate in inference without predefined model partitions.

	In tests, HELIX reduced multi-query decoding latency by up to 3.5× for hybrid state-space models compared to standard approaches.

	HELIX provides an open-source framework for integrating heterogeneous accelerators into LLM inference pipelines.



Why it matters

As LLM inference becomes more complex and hardware more diverse, the ability to dynamically adapt workloads to different accelerators is critical for performance and efficiency. HELIX offers a new way to optimize inference by leveraging heterogeneous hardware without rigid partitioning strategies.

Counterpoint

HELIX requires careful integration with existing frameworks like vLLM and may have higher complexity in deployment compared to fixed partitioning approaches.

Sources


	HELIX: HEterogeneous LLM Inference with FleXible and Fine-Grained Partitioning (arXiv)
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EvoCodeAgent: Project-Level Code Generation via Architecture-Code Co-Evolution and Experience-Guided Repair

EvoCodeAgent is a new framework for generating complete software projects by evolving both architecture and code together, using experience to improve over time. It outperforms existing methods in test pass rates.

Key points


	EvoCodeAgent addresses limitations of existing code generation tools by evolving architecture and code simultaneously.

	It uses an evolving architectural state initialized from project specs and reconciles predicted and realized relations.

	Experience from past revisions is abstracted to guide future code generation.

	Experiments show it achieves 60.48% and 27.73% unit test pass rates on benchmark projects.

	It relies on tool-grounded verification to ensure reliable state updates.



Why it matters

Software engineers seeking to automate project-level code generation will benefit from EvoCodeAgent's ability to maintain alignment between architecture and implementation, and to learn from past errors.

Counterpoint

The approach depends on GPT-5, which may not be accessible to all engineers, and the effectiveness may vary with different project structures and requirements.

Sources


	EvoCodeAgent: Project-Level Code Generation via Architecture-Code Co-Evolution and Experience-Guided Repair (arXiv)
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A.S.E 2.0: How Repository Context Affects Security of LLM-Generated Code

A new benchmark, CASE-Bench, evaluates how repository context influences the security of code generated by LLMs, revealing significant gaps in secure code production.

Key points


	CASE-Bench is a benchmark of 145 real-world tasks from CVEs in 51 projects.

	Each task includes Docker environments, functional tests, and exploit validation.

	13 context construction methods and six LLMs were tested for security outcomes.

	Functionality-focused context improves functional pass rates but not security.

	Withholding safeguards reduces secure pass rates by up to 8.1 percentage points.

	Coding agents often fail to observe critical security safeguards in their trajectories.



Why it matters

As LLMs generate more code, understanding how repository context influences security is critical for building safer systems. This study highlights how context construction can either protect or undermine code security.

Counterpoint

The study focuses on repository-level tasks and may not fully represent all code generation scenarios, especially those not tied to real-world CVEs.

Sources


	A.S.E 2.0: Understanding How Repository Context Impacts the Security of LLM-Generated Code (arXiv)
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SBVUL: Statement-Based Vulnerability Detection

SBVUL is a new approach that uses two LLM agents to detect exploitable statements in C/C++ functions, achieving better performance than previous methods in some cases.

Key points


	SBVUL uses two LLM agents to detect vulnerable statements in code.

	Phase 1 identifies candidate statements, Phase 2 confirms or rules them out.

	SBVUL was tested on 200 pairs of the PrimeVul Paired test set.

	Opus 5.5 achieved the highest statement-level precision of 0.315 at a recall of 0.605.

	At the function level, SBVUL with Opus 5.5 correctly classified 42.0% of pairs.



Why it matters

This paper introduces a novel method for detecting specific vulnerable statements in code, which could help developers find security issues more precisely than previous approaches. It's relevant for engineers looking to improve static analysis and security testing workflows.

Counterpoint

The precision of SBVUL is still relatively low, and the models also confirm many false positives in patched functions, suggesting the approach needs further refinement.

Sources


	SBVUL: Statement-Based Vulnerability Detection (arXiv)
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Can LLM Agents Learn to Test? Maintaining Scoped Experience for Mobile GUI Testing

This paper explores how LLM-based testers can retain useful testing experience while avoiding outdated or irrelevant information, using a maintenance contract for reusable test routes and locators in mobile GUI testing.

Key points


	LLM-based testers can retain useful experience by assigning explicit applicability scopes to test routes and locators.

	A maintenance contract for AdaptiTest includes mechanisms for confirmation, revalidation, and withdrawal of test experience.

	The design changes focus on retrieving context, not model weights, and the evaluation uses read-only Android workflows.

	A six-task subset shows 18/18 completed runs with memory versus 3/18 without, but a single-agent control also solves the task.

	The study examines real-update hazard records, distinguishing stale-locator observations from policy-based withholding.

	The evidence supports a bounded design and case study, but does not establish general efficacy or superiority over other systems.



Why it matters

Software engineers who use AI for testing may find value in understanding how LLMs can retain and reuse testing experience, especially in dynamic environments like mobile GUI testing where interfaces frequently change.

Counterpoint

The study does not establish general efficacy or superiority over independent GUI-agent systems, and the evidence is limited to a bounded design and case study.

Sources


	Can LLM Agents Learn to Test? Maintaining Scoped Experience as Testing Evidence for Mobile GUI Testing (arXiv)
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DARE: Difficulty Analysis for Repair Enhancement

DARE is a framework that measures and predicts the difficulty of coding tasks to improve automated program repair by matching support to task-specific features.

Key points


	DARE measures task difficulty using failure rates across multiple coding agents.

	It predicts difficulty using 151 static features from benchmark artifacts.

	The framework identifies salient feature groups that influence task difficulty.

	DARE improves repair success by aligning support with task-specific features.

	It enables difficulty-stratified evaluation and cross-benchmark comparisons.



Why it matters

Software engineers using AI for code repair can benefit from DARE's ability to tailor support to specific task difficulties, leading to more effective and efficient automated repair systems.

Counterpoint

The framework relies on benchmark artifacts and multiple agents, which may not generalize well to real-world, unstructured coding scenarios.

Sources


	DARE: Difficulty Analysis for Repair Enhancement (arXiv)
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Construct Validity of Coding Benchmarks for LLM-based Agentic Coding Tools

A study evaluates the construct validity of coding benchmarks used to assess LLM-based agentic coding tools, finding significant issues with measurement and standardization.

Key points


	Benchmarks for agentic coding tools often measure broad concepts like coding capability with limited metrics.

	Confounding factors vary between benchmarks, indicating a lack of standardization.

	The study calls for improved construct validity and more empirical research on tool effectiveness.

	Nine commonly used benchmarks were analyzed for their measurement approaches and potential confounders.



Why it matters

As software engineers rely on LLM-based tools, understanding the validity of benchmarks is crucial for making informed decisions about tool effectiveness and development practices.

Counterpoint

The study focuses on theoretical validity rather than practical performance, which may not directly impact how engineers use or evaluate these tools in real-world scenarios.

Sources


	Construct Validity of Coding Benchmarks for LLM-based Agentic Coding Tools (arXiv)
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Agentic Behavior Engineering: A Design-by-Contract Methodology for Enterprise AI Agents

This paper introduces ABE, a methodology for managing AI agent behavior in enterprise settings by treating observable behavior as the primary engineering artifact, rather than the model or prompt.

Key points


	ABE addresses the challenge of maintaining AI agents by focusing on observable behavior rather than model or prompt changes.

	It adapts Design by Contract to non-deterministic systems, using stable rule identifiers to define what agents must and must not do.

	A lightweight scenario library turns each rule into concrete situations for testing and verification.

	Engineering artifacts like tests and policies reference the contract in one direction, allowing independent evolution of specification and implementation.

	The method organizes work into five responsibilities: Specify, Ground, Control, Verify, and Observe.

	ABE gates releases on per-scenario reliability rather than aggregate accuracy and routes findings to the correct asset for change.



Why it matters

Software engineers working with AI agents face challenges in maintaining and verifying behavior due to non-determinism and external changes. ABE offers a structured approach to manage these complexities, improving reliability and traceability in enterprise AI systems.

Counterpoint

The methodology is theoretical and requires implementation in real-world systems to validate its effectiveness in practice.

Sources


	Agentic Behavior Engineering: A Design-by-Contract Methodology for Specifying, Verifying, and Governing Enterprise AI Agents (arXiv)
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Ripple-65B Preview Sets U.S. Open-Weight SOTA on Agentic Coding

Ripple-65B Preview, a new open-weight model, achieves state-of-the-art performance on agentic coding tasks, outperforming larger models with significantly lower training costs.

Key points


	Ripple-65B Preview is a general-purpose variant of a proprietary model used in AI chip design.

	It was pretrained on 12 trillion tokens with up to 1M context length.

	It outperforms models like Reflection Beam 501B, Meta Muse Spark Open 816B, and NVIDIA Nemotron 3 Ultra 550B on TerminalBench 2.1.

	Training cost was $32M, one-tenth of previous open-weight SOTA models.

	The model uses a dense Transformer architecture optimized for NVIDIA hardware.

	A custom model laddering approach improved compute efficiency for code tasks by up to 16x.



Why it matters

This model demonstrates that high performance in agentic coding can be achieved with lower costs and efficient hardware use, offering a practical alternative to larger, more expensive models.

Counterpoint

The model's performance is benchmarked against other open-weight models, but the exact comparison metrics and environments are not fully detailed in the source.

Sources


	Ripple-65B Preview: U.S. Open-Weight SOTA on Agentic Coding (Hacker News)
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Datasette Apps 0.3a0 Adds LLM Integration for Custom HTML Apps

Datasette Apps 0.3a0 introduces improved integration with LLMs via Datasette Agent, allowing users to tag apps, manage stored queries, and create apps with permissions checks.

Key points


	Support for hosting and editing custom HTML apps within Datasette

	LLM integration via Datasette Agent allows app creation and management

	Users can tag apps in chat with # for autocompletion

	New tools let Agent manage which stored queries an app can call

	App creation now checks for existing queries and user permissions

	Links to apps open full screen in the Datasette Agent panel



Why it matters

This release enhances the ability of software engineers to build and manage custom web apps using Datasette and LLMs, improving workflow and security around query access.

Counterpoint

The improvements are specific to Datasette's ecosystem and may not directly impact broader AI tooling workflows outside of this framework.

Sources


	datasette-apps 0.3a0 (Simon Willison)
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OpenAI to Acquire Pierre Computer Company, Inc.

OpenAI plans to acquire Pierre Computer Company, Inc., aiming to enhance Codex's capabilities in code building, understanding, and review.

Key points


	OpenAI will acquire Pierre Computer Company, Inc.

	The acquisition is intended to expand Codex's tools for code development and analysis.

	Pierre Computer's technologies will integrate with OpenAI's existing offerings.



Why it matters

This acquisition could lead to more advanced code generation and analysis tools, potentially improving the efficiency and quality of software development workflows for engineers using AI.

Counterpoint

The details of Pierre Computer's technology and how it will integrate with Codex are not specified, making it difficult to assess the full impact of the acquisition.

Sources


	OpenAI to acquire Pierre Computer Company, Inc. (OpenAI)
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TACT: A Pragmatic Approach to Qualitative Analysis with an AI Council

TACT is a new method for analyzing qualitative data using an AI council to improve accuracy and control. It offers two variants and shows strong performance on real-world data.

Key points


	TACT enables scalable qualitative analysis with AI while keeping human control over interpretation.

	Two variants exist: TACT-Lite (core AI council) and TACT-Full (with adversaries and decision models).

	Evaluated on 256 Stack Overflow threads, TACT achieved F1 scores of 0.71-0.72 on final coding.

	Agreement between manual coding and TACT's coding reached Cohen's κ of 0.79-0.85.

	TACT-Lite costs $13.77 per 100 threads, TACT-Full $33.59.

	The paper highlights pitfalls in AI-assisted qualitative analysis and offers safeguards.



Why it matters

Software teams often struggle to analyze qualitative data efficiently. TACT provides a practical solution that balances AI assistance with human oversight, offering measurable performance and cost efficiency.

Counterpoint

TACT's effectiveness depends on the quality of the initial dataset and the alignment of AI models with human judgment, which may not always be straightforward.

Sources


	TACT: A Pragmatic Approach to Qualitative Analysis with an AI Council (arXiv)
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Also noted


	AgentTrustCI tests Java LLM agents for policy and workflow compliance. (arXiv)

	PatchCon uses patches for vulnerability detection in code. (arXiv)

	Structured specs enable long-term ML research with LLM agents. (arXiv)

	New method creates test scenarios that preserve root causes of failures. (arXiv)

	System predicts log levels using socio-technical context for better debugging. (arXiv)

	New method recovers security patterns from source code implementations. (arXiv)

	DevRev uses GPT-6.1 Sol for enterprise service automation. (OpenAI)

	MCP-Eco connects MCP server data, projects, and development activity. (arXiv)

	HN asks about current AI agentic setups and subscriptions. (Hacker News)

	datasette-llm 0.1a10 fixes a bug restricting LLM model availability in configuration. (Simon Willison)

	Daybreak Red is available in AWS GovCloud for GPT-5.6 Cyber. (OpenAI)

	Uncracked City is a detective game using LLM suspects for gameplay. (Hacker News)

	Images 2.6 improves image generation and editing across ChatGPT and Codex. (OpenAI)
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