
letsmake.ai news, 10 November 2026


HOPE: Second-Order Expert Pruning for MoE Models

HOPE improves expert pruning in MoE models by considering pairwise interactions, outperforming first-order methods at high pruning rates.

Key points


	HOPE addresses the memory inefficiency of MoE models by pruning experts while preserving cooperative groups.

	It uses a second-order method that captures pairwise expert interactions, improving performance on coding tasks.

	HOPE requires a calibration pass and solves a quadratic program to find the optimal prune-set.

	It outperforms first-order methods like REAP at 50% pruning, especially on agentic coding benchmarks.

	The method is implemented as a package with steps for calibration, solving, and pruning.



Why it matters

Software engineers working with large MoE models can reduce memory usage and improve performance by using HOPE, which preserves cooperative expert groups that are critical for complex tasks like coding.

Counterpoint

HOPE's advantage diminishes at lower pruning rates, and it does not account for cross-layer interactions between experts.

Sources


	Your Experts Have Partners. There's HOPE for Keeping Them Together (Hugging Face)



This summary was written by a language model and may contain errors. Read the original for the full story.
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